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Prediction of Xinjiang Kurle urban water demand based on
improved limit learning machine
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Abstract: Urban water demand system is characterized by large inertia, strong coupling and nonlinearity, etc. Mechanism
analysis method is adopted. It is difficult to establish an accurate mathematical model, thereby leading to poor forecast
effect. Therefore, urban water demand factors are identified by the improved limit learning machine based on orthogonal
basis functions in the paper. The empirical mode decomposition method is used for determining network hidden layer node
quantity. An urban water demand prediction model in Korla is established. Results show that the model validity is 0. 9714.
The fitting relationship between the measured value and the predicted value is more ideal. It is obvious that it is feasible to
systematically identify urban water demand by improved limit learning machine based on orthogonal basis functions.
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